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Research on P2P streaming media identification based on UDP
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Abstract: Several popular P2P networks TV were studied, and their differences in port usage and packet size distribution
were analyzed thoroughly. By observing the above characteristics, the conclusions that network TV application employs
only one port to generate most of UDP traffic in one communicat  period were summarized, and the UDP packet sizes
in various network TV differ significantly. Thus, a method that can identify P2P application’s UDP traffic accurately and
effectively was proposed based on extended flow records. Through identifying and verifying the five P2P streaming ap-
plication traffic which was called Trace data collected from the backbone channel of CERNET (China education and re-
search network) border in Jiangsu Province, and traffic identification results compared with machine learning algorithms
show that the proposed method has a high precision rate and recall rate, high time efficient, and not susceptible to the
impact of the proportion of the sample.
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